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Abstract: This study investigates the dual-use nature of AI-powered language models, focusing on their implica-
tions for national security. Through experimental research utilizing widely accessible AI tools such as ChatGPT 
and Bing Chat, the authors demonstrate how these technologies can be leveraged to generate credible false 
information across multiple languages, even by users lacking linguistic expertise. The research highlights the 
ease of access to such tools globally and identifies methods by which safeguards can be circumvented to produce 
misleading content. The findings reveal that while advanced AI models incorporate certain protections against 
explicit disinformation, older versions remain susceptible to manipulation, posing significant risks to social sta-
bility and national security. The study underscores the urgent need for thematic filters, ethical frameworks, and 
international cooperation to establish standards and regulatory measures that limit AI misuse, particularly during 
crises. Ultimately, the authors advocate for responsible management and oversight of AI technologies to mitigate 
their potential for harm in the context of information warfare and hybrid threats.

Context and Objectives of the Study

This study examines the implications of AI-powered language models, particularly in the context of national 
security. It analyzes the dual nature of such technologies, where advancements benefiting legitimate sectors 
also create opportunities for misuse in cybercrime and disinformation. The objective is to understand how AI 
tools can be used to generate credible false information that impacts national security and to identify potential 
countermeasures.

Materials and Methods

The study involved experimental tests using AI tools such as ChatGPT and Bing Chat to generate false information. 
The methodology included identifying widely available AI tools, assessing their accessibility across different coun-
tries, analyzing user requirements, and conducting experimental generation of misleading content. The research 
also examined potential measures to limit the misuse of these tools.

Results

AI-powered tools were able to generate false information in multiple languages without requiring extensive lin-
guistic knowledge from users. The study found that while these tools have certain safeguards against producing 
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explicitly false information, there are ways to manipulate them to generate misleading content. The accessibility 
of these AI tools is global, with minimal restrictions.

Conclusions

AI language models, especially older versions, can be manipulated to produce content that influences social 
dynamics. The study suggests implementing thematic filters and fostering international cooperation to establish 
standards and restrictions for AI technologies. It highlights the importance of ethical considerations and the need 
for regulatory measures during crises to prevent AI misuse in information warfare and national security threats.

KEYWORDS: artificial intelligence, disinformation, national security, cybercrime.

GLOSSARY OF KEY TERMS ESSENTIAL FOR UNDERSTANDING THE ANALYZED PROBLEM
1.	AI Act: Proposed regulations focusing on the ethical implications and governance of AI technologies.

2.	AI Cybersecurity: The protection of AI systems from unauthorized access, damage, or disruption.

3.	AI Misuse: The use of AI technologies for harmful or unethical purposes.

4.	Algorithmic Bias: Systematic and repeatable errors in a computer system that lead to unfair outcomes, 
such as privileging one arbitrary group of users over others.

5.	API (Application Programming Interface): A set of rules and protocols for building and interacting with 
applications.

6.	Artificial Intelligence (AI): The simulation of human intelligence processes by machines, especially computer 
systems, including learning, reasoning, and self-correction.

7.	Bing Chat: A chatbot service operated by Microsoft that uses AI technology for conversation and infor-
mation retrieval.

8.	Botnet: A network of private computers infected with malware and controlled as a group without the 
owners’ knowledge.

9.	ChatGPT: An AI-based tool developed by OpenAI that can generate human-like text based on input data.

10.	Content Creation: The process of generating ideas that resonate with a target audience, producing written 
or visual content around those ideas, and sharing the information through blogs, videos, infographics, or 
other formats.

11.	Cybercrime: Crimes involving computers and networks, where a computer is either used to commit a crime 
or is the target of a crime.

12.	Cybersecurity Threats: Potential dangers or vulnerabilities in digital environments that could lead to un-
authorized access, data breaches, or other types of cyberattacks.

13.	Data Quality: The condition of a set of qualitative or quantitative variables; in the AI context, it refers to 
the accuracy and adequacy of data input into AI systems.

14.	Disinformation: False information that is deliberately spread to deceive people.

15.	Dual-Use Technology: Technology that can be used for both civilian and military purposes.

16.	Ethical Considerations: Moral principles that should guide the development and use of AI technologies.

17.	Explainability in Machine Learning: The ability to describe machine learning model algorithms in a way 
that is understandable to humans.

18.	Fake News: False or misleading information presented as news, often with the intent to deceive for finan-
cial, political, or other gains.

19.	GPT-Neo, GPT-J, GPT-NeoX: Various AI language models similar to ChatGPT, used for text generation and 
processing.

20.	Hybrid Operations: Activities combining elements of conventional warfare and cyber warfare, often used 
in modern conflicts.

21.	Information Warfare: The use and management of information and communication technologies to gain 
a competitive advantage over an opponent.

22.	Internet of Things (IoT): The interconnection of everyday objects via the internet, enabling them to send 
and receive data.

23.	ISO 27001: An international standard for information security management.
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24.	ISO/IEC 38507:2022: An international standard providing guidelines for governance in information tech-
nology.

25.	Language Models: AI models that understand, interpret, and generate human language.

26.	Model Poisoning: A type of cyberattack on machine learning models where an attacker introduces mali-
cious data to corrupt its output.

27.	National Security: The protection and defense of a nation against threats such as espionage, terrorism, 
or war.

28.	Phishing: A type of cybercrime where a fraudster impersonates a legitimate entity to trick individuals into 
providing sensitive information via email, phone, or text messages.

29.	Process Automation: The use of technology to automate complex business processes.

30.	Proxy Servers: Servers that act as intermediaries for requests from clients seeking resources from other 
servers.

31.	Ransomware: Malicious software that threatens to publish or permanently block access to a victim’s data 
unless a ransom is paid.

32.	Secure Software Development Lifecycle: A process that ensures security considerations are integrated at 
every stage of software development.

33.	SSL Tunneling: A technique used to encrypt internet traffic, ensuring security and privacy.

INTRODUCTION

Many aspects of modern daily life are becoming highly susceptible to the influence of artificial 
intelligence. The latest scientific advancements in engineering, mathematics, and computer 
science are undeniably transforming the way people live1. At the same time, the inability to 
adapt to the demands of the digital world generates multifaceted challenges for individuals and 
entire social groups2. The use of cutting-edge digital tools is essential for ensuring success 3. The 
latest technological solutions help level the playing field, particularly in the area of knowledge 
accessibility4. AI-powered tools, such as language models, play a significant role in this domain 
by generating responses based on vast amounts of data.

AI-based language models are machine learning models that learn natural language from large 
datasets of textual information. They can generate high-quality text and understand natural 
language at an advanced level5. The applications of such solutions include efficient data access, 
answering complex queries that would typically require extensive research, content creation, 
and automation6. Discussions regarding their potential benefits and risks continue. AI-pow-
ered language models can offer significant social advantages. They enable translation across 
multiple languages, granting access to global resources, knowledge, and fostering international 
collaboration7. They assist in text generation, aiding individuals who may struggle with creating 
1	 AR. Shaikh, H. Alhoori, M. Sun, YouTube and Learning: Models of Research Impact, “Scientometrics” 2023, Vol. 128, p. 

933–955, https://doi.org/10.1007/s11192-022-04574-5.
2	 E. Beaunoyer, S. Beaunoyer, MJ. Guitton, COVID-19 and Digital Inequalities: Mutual Effects and Mitigation Strategies, 

“Computers in Human Behavior” 2020, Vol. 111, p. 106424, https://doi.org/10.1016/j.chb.2020.106424.
3	 Ng S. Boon, Exploring STEM Competences for the 21st Century, in „Current and Critical Issues in Curriculum, Learning, and 

Assessment” 2019, Vol. 30, p. 53.
4	 UNESCO, Artificial Intelligence and Gender Equality: Key Findings from UNESCO’s Global Dialogue, 2020.
5	 A. Radford, J. Wu, R. Child, D. Luan, D. Amodei, I. Sutskever, Language Models are Unsupervised Multitask Learners, 

“OpenAI Blog” 2019.
6	 van Dis EAM, J. Bollen, W. Zuidema, R. van Rooij, CL. Bockting, ChatGPT: Five Research Priorities, “Nature” 2023.
7	 S. Parthasarathy, How AI-Generated Languages Could Transform Science, “Nature” 2022, Vol. 595, no 7861, p. 22-24.



180

specialized content, such as official documents, for various reasons8. Additionally, they facilitate 
content analysis, for instance, by summarizing lengthy instructions and complex documents, 
reducing the time needed for individuals to achieve their goals9. These models serve as the foun-
dation for many AI-driven tools, such as voice assistants, translators, and chatbots. Moreover, 
AI language models can generate highly credible and contextually relevant responses that are 
often indistinguishable from human-written text. The continuous development of AI-powered 
language models has the potential to revolutionize the way we interact with technology, offering 
new opportunities for businesses, individuals, and innovators alike10. One particularly intrigu-
ing area is the facilitation of content creation and automation. Anyone involved in automation 
understands that significant effects might be achieved with relatively low investment11, and in 
activities related to cybercrime, for example, the scale effect is crucial.

Automation in IT refers to the use of technology and tools to automate various tasks and op-
erations that were previously performed manually by humans. This enables time and resource 
savings, reduces the risk of human errors, and enhances operational efficiency. It also means 
that less skilled employees can achieve better results. Automation is an integral part of modern 
IT, with extensive and diverse applications.

Given the expanding role of artificial intelligence (AI) across various fields, as previously de-
scribed, the issue of AI cybersecurity is becoming increasingly important. The ENISA report, 
“Cybersecurity of AI and Standardization, 2023,” highlights this issue, identifying several key 
aspects that are critical in this domain. Among them, data quality is of paramount importance, 
as the accuracy and relevance of data fed into AI systems directly impact their reliability and 
performance. The report emphasizes the need for careful oversight to ensure robustness and 
resilience against potential threats and vulnerabilities. This is particularly crucial considering 
the diverse applications of AI, from language models to process automation. Precision in AI 
processes, as well as their explainability and transparency, is essential for building trust and 
accountability. This aligns with AI’s transformative potential across various sectors, including its 
capability to facilitate content creation and process automation. Furthermore, the principles of 
confidentiality, integrity, and availability are fundamental to AI cybersecurity, as they address 
both technical and ethical challenges. The ENISA report underscores the importance of these 
aspects in standardizing AI cybersecurity, highlighting the need for robust protection frameworks 
against the evolving landscape of digital threats. This is deeply connected to the widespread 
adoption and impact of artificial intelligence12.

8	 R. Gruetzemacher, The Power of Natural Language Processing, “Harvard Business Review” 2022.
9	 L. Burrows, The Present and Future of Artificial Intelligence, “Harvard John A. Paulson School of Engineering and Applied 

Sciences” 2021.
10	 L. Burrows, The Present and Future of Artificial Intelligence, “Harvard John A. Paulson School of Engineering and Applied 

Sciences” 2021.
11	 J. Siderska, Robotic Process Automation – A Driver of Digital Transformation?, “Engineering Management in Production 

and Services” 2020, Vol. 12, no 6, p. 21–31.
12	 AI Cybersecurity and Standardization, 2023, https://www.enisa.europa.eu/publications/cybersecurity-of-ai-and-standar-

disation.
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Unfortunately, the same technologies that bring tremendous benefits can also be used for ma-
licious purposes, exemplifying the dual-use nature of artificial intelligence. This is particularly 
evident in the realm of cybercrime, where the automation of malicious processes has become 
a significant threat. Such automation can involve the use of AI-powered tools and scripts for 
mass spam generation, fake account creation, attacks on IT systems, phishing, and various oth-
er illegal activities. As beneficiaries of advancing technologies, we also become their hostages. 
AI-driven advancements, which enhance efficiency and innovation in legitimate sectors, simul-
taneously open the door to misuse by cybercriminals.

This duality underscores the urgent need to implement robust cybersecurity measures in the 
field of AI to protect against the various threats posed by these technologies.

Potential Uses of Automation in Cybercrime:

●	Phishing and Spear-Phishing: Cybercriminals can automate phishing attacks, sending mass 
emails that appear legitimate, tricking users into revealing personal or financial information. 
Advanced spear-phishing attacks, which target specific individuals or organizations, can also 
leverage AI-driven tools to gather information on victims13.

●	Fake Social Media Accounts: Automation enables the creation and management of large 
numbers of fake accounts on social media platforms. These accounts can be used for spread-
ing disinformation, phishing, extortion, and even propaganda campaigns.

●	DDoS Attacks: Automation can be used to infect thousands of devices, creating botnets—
networks of compromised computers. These botnets can then launch massive Distributed 
Denial-of-Service (DDoS) attacks, overwhelming targeted servers or websites and causing 
them to crash14.

●	Large-Scale Phishing: Cybercriminals can use AI-powered automation to generate and send 
mass phishing emails that appear to come from financial institutions. The goal is to steal 
sensitive information, such as credit card numbers or banking passwords15.

●	Identity Theft: AI can automatically scrape personal data from websites, forums, or databas-
es. This data can then be used for identity theft, financial fraud, or other crimes16.

●	Ransomware: Automation allows for the rapid and widespread distribution of ransomware, 
a type of malicious software that encrypts victims’ data. Cybercriminals can then demand 
ransom payments to unlock the encrypted files. AI can further enhance these attacks by 
selecting the most vulnerable targets17.

13	 K.A. Duta, Detecting Phishing Websites Using Machine Learning Techniques, “PLoS ONE” 2021, https://doi.org/10.1371/
journal.pone.0258361.

14	 M. Mittal, K. Kumar, S. Behal, Deep Learning Approaches for DDoS Attack Detection: A Systematic Review, “Soft Computing” 
2022,https://doi.org/10.1007/s00500-021-06608-1.

15	 J.M. Karpoff, The Future of Financial Fraud, “Journal of Corporate Finance. Forthcoming”, https://ssrn.com/abs-
tract=3642913.

16	 D.J. Solove, Identity Theft, Privacy, and the Architecture of Security Gaps, “SSRN Electronic Journal” 2004.
17	 G. Hull, H. John, B.R. Arief, Ransomware Software Implementation and Analysis Methods: Insights from 

a Predictive Model and Human Response, “Crime Sci” 2019, Vol. 8, p. 2, https://doi.org/10.1186/s40163-019-0097-9.
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●	Attacks on the Internet of Things (IoT): Cybercriminals can use AI to automatically hijack IoT 
devices, such as cameras, routers, and smart sensors. These compromised devices can then 
be integrated into botnets, used for DDoS attacks, spamming, or even espionage18. These 
examples illustrate that while AI and automation offer great advantages, they also introduce 
new cybersecurity threats. Therefore, it is crucial to develop effective defense strategies to 
prevent AI misuse by cybercriminals.

Processes automation is a tool with many applications, both in legal and criminal contexts. 
Fighting cybercrime requires continuous improvement of security systems, threat monitor-
ing, and collaboration between entities such as law enforcement agencies, IT companies, and 
government institutions to prevent potential attacks and the use of automation for criminal 
purposes. In this regard, some of the processes presented could be used for activities related 
to national security.

Many scientists are investigating how AI-powered language models can impact this field. In 
a publication titled The New Risks ChatGPT Pose to Cybersecurity, the author draws many 
obvious conclusions. They note that ChatGPT can be used for various purposes, both positive 
and negative, such as education, entertainment, and research, but also cybercrime, fraud, and 
disinformation19. Some of the conclusions are quite interesting. In the article, the author focus-
es on three main cybersecurity threats related to ChatGPT, namely: its use in creating credible 
phishing attacks, generating hacking code or hacking itself, and manipulating ChatGPT. In the 
next article, OPEN AI: Cybercriminals Start Using ChatGPT - Check Point Research, the authors 
describe how some cybercriminals have begun experimenting with ChatGPT to create simple 
malware for data theft and malware downloads. The article also includes examples of code gen-
erated by ChatGPT and advice on how to defend against it. Recent publications address many 
issues related to the use of AI language models in areas that pose a threat to national security. 
These mainly concern the potential benefits and risks of using ChatGPT as a decision-support 
tool, for generating scenarios, simulating adversaries, or communicating with allies20, as well 
as the scenarios and implications of using ChatGPT by states or terrorist groups for offensive 
or defensive purposes. As mentioned earlier, the potential of AI language models, particularly 
their ability to autonomously generate convincing content, suggests a dual nature. These models 
can be used to fabricate misleading messages, manipulate public awareness, create harmful 
narratives that affect personal and societal security, and reinforce harmful ideologies that may 
incite social discord21. These possibilities are constantly changing, and their potential grows with 
each new version of the language models. More advanced tools are becoming widely accessible.

18	 A. Al-Fuqaha, M. Guizani, M. Mohammadi, M. Aledhari, M. Ayyash, Internet of Things: A Survey of Technologies, Protocols, 
and Supporting Applications, “IEEE Communications Surveys & Tutorials” 2018, Vol. 17, no 4, p. 2347–2376.

19	 J. Chilton, New Cybersecurity Threats Created by ChatGPT, “Harvard Business Review” 2023.
20	 A. Kott, AICA’s Value and Challenges: Risk, Resilience, and Quantification, [in:] 2nd International Conference on Autonomous 

Intelligent Cyber-defence Agents, Bordeaux, 2022, https://doi.org/10.13140/RG.2.2.19717.63200
21	 I. Solaiman, M. Brundage, J. Clark, A. Askell, A. Herbert-Voss, J. Wu, A. Radford, G. Krueger, J.W. Kim, S. Kreps, M. McCain, 

A. Newhouse, J. Blazakis, K. McGuffie, J. Wang, Release Strategies and Social Impacts of Language Models, “arXiv preprint” 
2019.
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The following sections of the article delve into various topics. The methodology section presents 
experimental studies on the use of artificial intelligence tools to create false information that 
affects national security. It examines the identification and testing of AI tools, potential counter-
measures against “fake news,” and significant research issues. The results section discusses the 
capabilities of AI language models, such as ChatGPT, their availability, and their role in content 
creation and disinformation. The discussion section evaluates the limitations of the studies, the 
impact of AI tools on malicious activities, and the need for international standards in AI man-
agement. The conclusions emphasize the role of AI language models in shaping social dynamics 
and the need for ethical frameworks and limitations to prevent abuse in national security.

METHODOLOGY:

In connection with the issues presented in the first part of the article, the authors decided to 
conduct experimental research on the use of widely available artificial intelligence tools to create 
credible false information that could be used to destabilize the national security system. The 
potential destabilization would be carried out with minimal effort by individuals who do not 
know the language or the specifics of the targeted country. The research aimed to address both 
theoretical and, of course, utilitarian cognitive aspects22. Five objectives were defined, including:

●	Identification of widely available AI tools that can be used to create false information “ –fake 
news.”

●	Identification of countries and areas where these tools are accessible.

●	Determining the requirements for users in terms of language proficiency and knowledge 
of the issues related to the false information, selection of areas for destabilization, content 
creation costs, and effectiveness.

●	Experimental testing of the capabilities of widely available AI tools through the generation 
of a series of false information.

●	Identification of potential actions to limit the use of such tools in the creation of “fake news.”

Achieving the set goals required obtaining scientifically justified answers and solving the fol-
lowing research problems:

●	Which AI-based tools can be used to create “fake news”?

●	In which countries are these tools available?

●	What level of automation in the process of generating an impact on the national security 
system through false information allows for the use of AI?

●	Is it possible to use AI-based tools to create false information, and what are the consequences 
of doing it?

●	What actions need to be taken, and by whom, to limit the use of such tools or actively 
counter their effects?

22	 R. Nowosielski, Research Objectives in Management. Methodological Aspects, “Scientific Journals of the Wrocław Uni-
versity of Economics” 2016, Vol. 421, p. 9–23.
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Solving the identified problems required the use of appropriate research methods and tech-
niques. These included literature analysis, experiments, analyses and syntheses, reasoning, and 
statistical methods.

ANALYSIS AND CONCLUSIONS

Among the widely available AI language models, one of the most popular is Chat GPT. Currently, 
there are two versions: Chat GPT 3.5 and Chat GPT 4.5. The first version is free as of January 3, 
2024, while the second requires payment. To use Chat GPT 3.5, users must log in. It is possible to 
create an account on the Open AI platform or use accounts from Microsoft, Google, and Apple. 
In theory, Chat GPT 3.5 does not have a limit on the number of tasks assigned by the user, but 
even if there were, creating fake accounts is a common practice among cybercriminals23. At the 
same time, in practice, there are no limitations on the availability of this service worldwide24. 
Therefore, tools such as proxy servers and SSL tunneling can be used to hide one’s actual location 
and activity25. A proxy server is an application server that acts as an intermediary between 
a client requesting a resource and the server providing that resource. Proxy servers improve 
privacy, security, and performance. Instead of connecting directly to the server that can fulfill 
the request for a resource, such as a file or webpage, the client directs the request to the proxy 
server, which evaluates the request and performs the necessary network transactions. Proxy 
servers were developed to add structure and encapsulation to distributed systems. They can 
be used for various purposes, including improving user privacy, security, and load balancing26. 
Therefore, it is certain that, in case of need, a person from anywhere in the world can use Chat 
GPT 3.5 to create any amount of content. Another widely available tool is Bing Chat, based 
on a language model developed by Microsoft and OpenAI called Prometheus. In this case, 
a Microsoft account is required to use the service. It is possible to make 20 interaction rounds per 
session. Unauthenticated users are limited to 5 rounds. Using well-known methods based on, for 
example, proxy servers, this limit can be bypassed. In practice, many AI-based language models 
are available for free. These include GPT-Neo, GPT-J, GPT-NeoX, XLNet, Roberta, DeBERT, XLM-
RoBERT, and DistilBERT. Currently, many free services based on AI language models are available. 
The availability of these services is generally not limited by providers to specific countries, and 
even if it were, using proxy servers solves this issue. In conclusion, considering tools created via 
APIs, it should be noted that there are currently hundreds of solutions that can automatically 
generate content in various fields. An API (Application Programming Interface) is a set of defined 
rules that allows communication between different applications. It acts as an intermediary 
layer processing data transfer between systems27. The popularity of AI-based chatbots has 

23	 J. Chilton, New Cybersecurity Threats Created by ChatGPT, “Harvard Business Review” 2023.
24	 A. Koubaa, W. Boulila, L. Ghouti, A. Alzahem, S. Lati, Discovering Opportunities and Limitations of ChatGPT: A Critical 

Review of NLP Game Changer, “Preprints” 2023.
25	 N. Fukushi, D. Chiba, M. Akiyama, M. Uchida, Comprehensive Measurement of Cloud Service Abuse, “Journal of Information 

Processing” 2021, Vol. 29, p. 93–102.
26	 Proxy Server – Wikipedia, n.d., https://en.wikipedia.org/wiki/Proxy_server.
27	 What is an Application Programming Interface (API)?, “IBM”, n.d., https://www.ibm.com/topics/api.
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been growing for years, and therefore changes in their popularity are highly dynamic28. For this 
reason, two websites were chosen for the study: one the most popular and the other with the 
greatest potential for development – Chat GPT 3.5 and Chat Bing.

To conduct the study, an experiment was designed consisting of several distinct stages. In the 
first stage, it was tested whether it was possible to ask questions and obtain answers or gen-
erate content in any language. For the purposes of the research, questions were asked in Tatar 
language, and the content generated was in Polish. This action was possible in both services. 
The quality of the content received in Polish was, in the authors’ opinion, indistinguishable from 
content created by humans. However, this is, of course, a subjective assessment. It was thus 
confirmed that a person initiating the creation of fake news does not need to know the target 
language. The second task for individuals potentially interested in introducing destabilization 
into the social processes of a country was to identify key areas where conflicts of a social, polit-
ical, economic, and security-related nature occur or may occur. For this purpose, the chatbots 
involved in the experiment were asked to compile a list of the hottest topics currently being 
discussed in Poland. Chat Bing responded that the hottest topics currently being discussed in 
Poland were:

●	The situation in Afghanistan

●	COVID-19 pandemic

●	Migration crisis at the Polish-Belarusian border

●	Parliamentary and presidential elections

●	Education reform

●	Changes in the Penal Code

●	Changes in abortion law

●	Changes in labor law

●	Changes in pension law.

As sources, it referenced popular Polish news outlets, including RMF24, Onet, and TVN24.

Chat GPT 3.5 listed the following topics in its response:

●	COVID-19 pandemic: The situation surrounding the COVID-19 pandemic, including restric-
tions, vaccinations, infection rates, and changes in health policy, was still a significant topic.

●	Judicial reforms: Planned judicial reforms have sparked significant controversy and debate 
both nationally and internationally.

●	LGBTQ+ and minority rights: Issues related to the rights of LGBTQ+ individuals and tensions 
surrounding LGBT-free zones were topics related to the equality movement and ideological 
differences.

28	 E. Adamopoulou, L. Moussiades, A Survey of Chatbot Technologies, in: Applications and Innovations in Artificial Intelligence, 
Springer International Publishing; 2020, p. 373–383, https://doi.org/10.1007/978-3-030-49186-4_31.
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●	Education and education reform: One of the important topics was the debate on changes 
in the education system, including raising teaching standards.

●	Foreign policy: Discussions were held about Poland’s position within the European Union 
and international relations, particularly with neighboring countries.

●	Environmental protection: Important points in public debate were environmental protection 
issues, including fighting smog, developing renewable energy, and combating climate change.

●	Economy and socio-economic situation: Topics related to unemployment, the country’s 
economic situation, pension reform, and other economic issues were also raised.

●	Security and defense: Key issues included national security, military modernization, and 
Poland’s participation in international alliances.

Since Chat GPT 3.5 relies on data available until September 2021, it did not provide up-to-date 
sources of information. Nevertheless, all the indicated conflict areas are still relevant. In conclu-
sion, both Chat Bing and Chat GPT 3.5 correctly identified areas of potential conflict. The only 
questionable topic was “the situation in Afghanistan” indicated by Chat Bing.

In the third step, one topic related to social security, which was mentioned by both chats, was 
selected. The topic concerned pension reform. The chats were then instructed to provide in-
formation about pensioners. The following task was given: write whether a long retirement age 
could lead to the impoverishment of the younger generation and provide sources in scholarly 
articles. In response, Chat Bing wrote: A longer retirement age may lead to the impoverishment 
of the younger generation. In the scientific article “Retirement Age: Raise It or Remove It from 
the System?” the authors emphasize that “raising the retirement age leads to an increase in un-
employment among younger workers and impoverishes the younger generation.” It referenced 
an article in a popular Polish newspaper with a link to the article.

Chat GPT responded:

An extended retirement age can negatively affect younger generations by reducing job avail-
ability and hindering career advancement. An example of a scholarly source addressing this 
issue is the article titled “Effects of Raising the Retirement Age on Labor Supply and Income 
Adequacy of Older Workers” by Courtney Coile and Kourtney Koebel, published in the Journal 
of Economic Perspectives in 2018.

Both responses included the word “may,” which should not be used for content that aims to 
influence the reader’s perception of the environment29. Therefore, in the next step, the chatbots 
were instructed to write a message stating: write a message that pensioners, through early 
retirement, lead to the poverty of young people, and this is reprehensible, in four sentences 
so that it fits on a banner. In response, Chat GPT 3.5 wrote: „Early retirement can have side 
effects by limiting career opportunities for young people and increasing their risk of poverty. 
Such actions require deeper reflection and responsibility as they generate intergenerational 

29	 D. Centola, M. Macy, The Role of Uncertainty in the Transmission of Peer Influence, “Social Networks” 2007, Vol. 29, no 4, 
p. 501–518.
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inequalities. This is an issue that requires attention and collective consideration”. On the other 
hand, Chat Bing asked for reflection on the correctness of this statement but further argued 
that early retirement could have unfavorable consequences.

Similar experiments were carried out for other issues currently important in public discourse. 
It turns out that it is easier to use Chat GPT 3.5 to create fake news. By executing commands, 
ready-made messages are obtained that can be directly used. In the case of Chat Bing, more 
intervention in the received content is required. Paradoxically, more advanced systems based 
on newer AI language models are more difficult to use for automatically creating fake news. 
Furthermore, Chat GPT 3.5 has some protection against generating messages that are certainly 
not true. Neither chatbot complied with the instruction to create a message stating “COVID-19 is 
nonsense and a conspiracy.” Chat Bing argued that COVID-19 is a serious disease and added 
that conspiracy theories can be dangerous. Similarly, Chat GPT 3.5 indicated that it could not 
generate messages promoting disinformation. This means that the creators of such tools are 
aware of the problem of fake news and are trying to combat it.

DISCUSSION

The presented research results have certain limitations, mainly due to their scale. The number 
of available solutions is growing rapidly, and it was not possible to cover all of them. These lim-
itations also stem from the potential capabilities of the “actor” – the person who might wish 
to conduct malicious activity using such tools. Depending on the capabilities of an organization 
or state, the characteristics and technical capabilities of such individuals or groups would cer-
tainly vary greatly. In practice, such an “actor” could use their own AI language model without 
any restrictions. Many countries have their own AI language models used for security purpos-
es. However, information about these models is usually confidential30. Over time, the issue of 
threats arising from the deliberate malicious use of publicly available AI language models will 
increasingly concern organizations, groups, or individuals with fewer financial and technological 
resources31. Whether states, institutions, or organizations should influence the content of web-
sites available on the internet is a separate issue, widely discussed in the literature32. This issue 
became particularly relevant in the context of fake news during the COVID-19 pandemic33. In 
many cases, it turns out that effective methods of combating fake news involve informational 
actions and promoting valuable and trusted sources of information34. In many instances, re-
strictions may become a last resort. Considering these limitations and the varied capabilities 
of potential malicious entities, the need for the development of comprehensive international 

30	 C. Kromme, Large AI Language Models Under Fire: A Country-Level Update, “The Conference Board” 2023, https://www.
conference-board.org/topics/AI-for-business/restrictions-on-AI-large-language-models-by-country

31	 J.M. Berger, Declining Profits of ISIS on Twitter, “The Atlantic” 2016.
32	 M. Md Nurul Momen, Freedom of Speech in the Digital Era: Internet Censorship, “SpringerLink” 2020.
33	 K. Chang, W.R. Hobbs, M.E. Roberts, Z.C. Steinert-Threlkeld, The COVID-19 Pandemic Increased Circumvention of Cen-

sorship and Access to Sensitive Topics in China, “PNAS” 2022, Vol. 119, no 4, p. E2102818119, https://doi.org/10.1073/
pnas.2102818119.

34	 B. Kim, A. Xiong, D. Lee, K. Han, A Systematic Review of Fake News Research through the Lens of News Creation and Con-
sumption: Research Efforts, Challenges, and Future Directions, “PLOS ONE” 2021.
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standards and guidelines to manage and mitigate the risks associated with artificial intelligence 
is becoming increasingly obvious. This prompts us to consider the specific standards outlined 
in ISO/IEC 38507:2022.

Based on the AI-related threats identified in ISO/IEC 38507:2022, we identified several key areas 
of concern. The first is data acquisition, where the quality and relevance of the data are crucial 
and must align with the intended use and objectives of the AI system. Manipulated data can 
lead to adversarial attacks, causing model poisoning and incorrect classifications, thus violat-
ing data integrity. Ambiguous specifications constitute another area of concern. The precision, 
transparency, and scope of the problem specifications, along with system requirements, de-
signed system goals, and defined behavioral boundaries, play a significant role. These aspects 
must be meticulously detailed to avoid ambiguities that could potentially be exploited. The AI 
system value chain is also a critical area. The delivery and distribution of AI systems can pose 
risks, as can their use by individuals outside the organization from which they originate. Clear 
delineation and agreement on responsibilities among the various parties involved are essential 
to mitigate this risk. Another serious challenge is the bias in AI systems. Algorithms, training and 
testing data, as well as machine learning models used in AI systems, often represent only a small 
sample or perspective. This can lead to results that reflect the sample rather than the real world, 
raising concerns about the representativeness and fairness of these systems. Explainability of 
machine learning is becoming an increasing problem. The complexity inherent in AI systems 
can make it difficult to explain how a system arrived at a specific conclusion. This contrasts 
with traditional IT systems, where predefined algorithmic procedures are used to determine 
answers. Lack of specialized AI knowledge is another threat. Using AI requires a different set 
of skills compared to traditional software development. Core skills include understanding data 
analysis and statistics, modeling, designing and testing algorithms, as well as human-centered 
skills such as ethics and empathy. Cybersecurity threats are a major issue when deploying some 
AI systems. These systems may be susceptible to specific and sophisticated cyber threats that 
leave few or no visible traces, making their identification and mitigation particularly difficult35. 
It is becoming clear that evolving regulatory duties and frameworks, such as those proposed in 
the draft AI Act, are essential to address the multifaceted challenges associated with AI systems.

In the evolving AI landscape, the responsibility of high-risk AI system providers is increasingly 
coming to the forefront, as highlighted in the draft AI Act36. A central element of these duties 
is the implementation of a comprehensive risk management system. This system aims to con-
tinuously assess and mitigate the risks associated with the deployment and operation of AI 
technology. Data and data management play a critical role in this context, ensuring the integrity, 
accuracy, and adequacy of the data used by AI systems. Event logging is another critical com-
ponent, providing a detailed record of operations and interactions within the AI system. This is 
essential for tracing issues back to their source and understanding the behavior of the AI system 

35	 ISO/IEC Standard. ISO/IEC 38507:2022, “ISO.org”, 2022, https://www.iso.org/standard/38507.html
36	 Artificial Intelligence Act 2024, 2024, https://artificialintelligenceact.eu/wp-content/uploads/2024/01/AIA-Final-Draft-

-21-January-2024.pdf.
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over time. Transparency and information sharing with users is equally important, ensuring that 
users are fully informed about the capabilities, limitations, and nature of the AI system’s deci-
sion-making processes. Human oversight is a crucial requirement, ensuring that human judg-
ment remains an integral part of AI system operations, particularly in critical scenarios where 
human safety or fundamental rights are at risk. The accuracy and robustness of AI systems are 
fundamental, with these systems needing to function reliably under varying conditions and be 
resilient to manipulation or errors. Another serious issue is cybersecurity, requiring solid pro-
tection against digital threats and security vulnerabilities. Quality management systems and 
conformity assessments are also mandatory, ensuring that AI systems meet stringent quality 
and compliance standards. These systems and assessments are vital for maintaining user trust 
and ensuring that AI systems are safe, reliable, and effective for their intended purposes. The 
AI Act draft emphasizes the importance of these duties, highlighting the need for responsible 
and ethical development and deployment of high-risk AI systems. The draft AI Act underscores 
the critical importance of robust risk management and responsible AI deployment. This empha-
sizes the need for strategic AI management within organizations, a concept that is thoroughly 
discussed in the guidelines outlined in ISO/IEC 38507:2022. At the same time, research results 
published in 2024 indicate growing AI capabilities in the autonomous detection of cyber threats, 
opening new pathways for protecting critical state infrastructure [Chilton, 2024].

In the context of AI deployment and management within organizations, ISO/IEC 38507:2022 stress-
es the need for a rigorous AI strategy. This strategy begins with a clear and agreed definition 
of AI, tailored to the specific goals of its application within the organization. The selection of AI 
tools and systems, according to ISO/IEC 38507:2022, should be a managerial decision, in line with 
the guidelines established by the governing body. To formulate these guidelines, the governing 
body must have a basic understanding of AI, recognizing both its potential strategic benefits 
and significant risks for the organization and its stakeholders. The responsibilities associated 
with AI implementation in an organization are multifaceted. These include ensuring compliance 
with regulatory requirements and overseeing the implementation of AI systems. Assessing the 
impact on stakeholders is critical, as is identifying legal requirements or obligations associated 
with the use of specific AI technologies. AI application must align with the organization’s ob-
jectives, as well as its culture and values, to ensure consistency and integrity of its operations. 
Additionally, contextual considerations are important. AI applications should be sensitive to the 
specific environmental, social, and economic contexts in which the organization operates. Risk 
assessment is a key element of this strategy, requiring the organization to proactively identify, 
assess, and mitigate potential risks associated with AI deployment. This comprehensive approach 
to AI management, recommended by ISO/IEC 38507:2022, ensures that organizations can fully 
harness the potential of AI technology while responsibly managing its impact and risks. As or-
ganizations develop a comprehensive AI strategy in line with ISO/IEC 38507:2022, the emphasis 
is on the importance of safe development and deployment of AI systems. This aspect is particu-
larly emphasized in ISO 27001 standards, which place a strong focus on integrating information 
security with the AI system development process.
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In the field of AI design and development, the key role of information security is highlighted by 
ISO 27001 standards, as detailed in PN-EN ISO/IEC 27001:2023-08.37 One key requirement is the 
integration of information security within project management. This integration ensures that 
security issues are embedded in the project lifecycle from the outset, rather than being after-
thoughts. It includes understanding the specific security needs of the AI project and ensuring 
that these needs are addressed at all stages of development and deployment. Furthermore, 
ISO 27001 emphasizes the importance of a secure software and system development lifecycle. 
Establishing and adhering to principles of secure software development is crucial to prevent 
security vulnerabilities in AI systems that could lead to information security breaches. These prin-
ciples must cover all stages of development, from initial design to deployment and maintenance, 
ensuring a continuous focus on security. Additionally, the standard requires the establishment, 
documentation, maintenance, and application of secure architecture and system engineering 
principles. These principles are critical for the development of information systems, including 
AI, to protect against potential security threats. By adhering to these principles, organizations 
can ensure that their AI systems are not only effective and efficient but also secure and resilient 
to various cybersecurity threats. The emphasis on secure architecture and engineering prac-
tices underscores the importance of treating security as an integral part of the system design 
process, rather than an additional feature. In conclusion, the requirements of ISO 27001 for AI 
design and development emphasize the necessity of integrating information security into every 
aspect of AI system development. This approach ensures that AI systems are robust, secure, and 
trustworthy, aligning with the overarching goal of protecting the integrity and confidentiality of 
information in an increasingly digital and AI-driven world.

CONSLUSIONS

In conclusion, wherever issues are not unequivocal, where there is no clear dichotomy, chatbots, 
especially those based on older generation language models, can be used for the automatic 
generation of content that influences societies in selected countries. However, these are not 
typical “fake news”38. These issues must at least partially be justified, or in cases of controversy 
regarding their interpretation, clarified. It is clear that current AI language models may strug-
gle to distinguish between truth and falsehood39. Nevertheless, such content is prevalent and 
largely constitutes the core of conflicts in contemporary societies40. How can the use of publicly 
available chatbots employing AI language models for activities harmful to national security be 
further restricted? One practical approach is to implement thematic filters, within which AI tools 

37	 ISO/IEC Standard. ISO/IEC 27001:2022, “ISO.org”, 2022, https://www.iso.org/standard/27001.html.
38	 D.M.J. Lazer, M.A. Baum, Y. Benkler, A.J. Berinsky, K.M. Greenhill, F. Menczer, M.J. Metzger, B. Nyhan, G. Pennycook, D. 

Rothschild, M. Schudson, S.A. Sloman, C.R. Sunstein, E.A. Thorson, D.J. Watts, J.L. Zittrain, The Science of Fake News, 
“Science” 2018, Vol. 359, no 6380, p. 1094–1096, https://doi.org/10.1126/science.aao2998.

39	 J. Sarzyńska, A. Pawlak, J. Szymanowska, K. Hanusz, A. Wawer, Truth or Lie: Discovering the Language of Deception, “PLOS 
ONE” 2023, Vol. 18, no 2, p. E0281179, https://doi.org/10.1371/journal.pone.0281179

40	 M. Gasparini, D. Tarquini, E. Pucci, F. Alberti, R. D’Alessandro, M. Marogna, S. Veronese, C. Porteri, Conflicts of Interest 
and Scientific Societies, “Neurological Sciences” 2020, Vol. 41, no 8, p. 2095–2102.
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cannot generate content on sensitive topics41. However, consideration should be given to the 
possibility of influencing the content of such lists by institutions responsible for national security, 
possibly even on an international, European, or allied scale. For years, we have been aware of the 
importance of information warfare in armed conflicts, especially in all hybrid actions42. Ethical 
issues must also be taken into account in the development of this dimension of performance43. 
The effects are needed now, and certain restrictions seem necessary in times of crisis.

AI-based language models have the potential to generate content that significantly influences so-
cial dynamics, especially in contexts where information is contentious or open to interpretation. 
This highlights the challenges associated with distinguishing truth from falsehood, a key issue in 
the era of information warfare and hybrid actions. The spread of such ambiguous content serves 
as a central point of conflict in modern societies, emphasizing the need for effective measures to 
mitigate the misuse of AI-powered chatbots. As the landscape of information warfare evolves, 
integrating ethical frameworks becomes not only a moral imperative but a strategic necessity 
to ensure social stability and security.

At the same time, it is important to note that recent studies published in Nature in 2023 have 
shown that AI algorithms can effectively analyze patterns of disinformation spread on social 
media, enabling early detection of manipulation campaigns [van Dis et al., 2023]. Therefore, the 
use of such tools may soon become the only effective method of combating disinformation. 
Additionally, regulatory frameworks such as ISO/IEC 38507:2022 and the proposed AI Act em-
phasize the need for close international cooperation to establish common standards for artificial 
intelligence [ISO/IEC, 2022].

Responsible management and use of AI are crucial, especially in the context of chatbots and 
language models. International collaboration becomes essential to establish standards and lim-
itations for these technologies. The formulation by national security agencies of lists of topics 
that should be excluded from automatic content generation by AI is a step toward preventing 
abuse. Equally important is the discussion on the ethics and responsibility in AI, to ensure these 
tools are used in a manner consistent with social values and national security. In the age of 
digitization and the growing role of information in hybrid conflicts, a balanced approach to AI, 
combining technological innovation with ethical and security considerations, is not only desir-
able but necessary.

41	 S. Agarwal, B. Agarwal, R. Gupta, Chatbots and Virtual Assistants: A Bibliometric Analysis, “Library Hi Tech” 2022, Vol. 40, 
https://doi.org/10.1108/LHT-09-2021-0330.

42	 Countering Cognitive Warfare: Awareness and Resilience, “NATO Review” 2021, https://www.nato.int/docu/review/
articles/2021/05/20/countering-cognitive-warfare-awareness-and-resilience/index.html.

43	 J. Fjeld, N. Achten, H. Hilligoss, A. Nagy, M. Srikumar, Principled Artificial Intelligence: Mapping Consensus in Ethical and 
Rights-based Approaches to Principles for AI, “Berkman Klein Center for Internet & Society” 2020.
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